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2. Flair
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1. Histogram Equalization

2. Convolution Neural Network

3. AlexNet

4. GoogleNet

5. Probabilistic Principal Component Analysis
6. Support Vector Machine

57



1398 jlg I o o 4 o0 S 33 5 Sl A

el ool aniy (i a o 5 G golgidg (g, oSO KG il aLks

.Jjﬁu_n 6):‘§4A:‘:‘4 9 S bJ.ATC_u.uJ‘L.s

Aol Seag L;T)T‘AIJZ'JMJJ Lasals Gaolase Gl sebie & alias gla i,
adid wola g lolal ssluad (a3l Gluy 5o ol solS S plaals 5 (<
St s =S el Jalas 5 4ias o S usls al f ol s YL
ol g it [T] ol oS 5 suly (oo o (5558 s gluad ol 3
DS Ll S i 3l Jlos Jend TS (BES (g3l Jlo i Pnad Gulike
i 5o 8 € Jn S g3l Jla s Al oS st (5l LSS ‘5,&‘;334-“-:45
5o s) e 3 Jala ol el s ool st pae olidig, Sad 30¥ley
O o (Sbhy nolaad oo al S gins 5le GLaSs i, 8] ollKea

el G 1 soi LIS Lagh s, ol
s e 3l La (S50 51 (8508 4 aseal ot il (S5 gl oAdl
3y eiea Ol sausa e slaalis, SIS e (S35 loaial due) oo
Lino) 59958 paeals * Base 580l sl i, oS 5 7 s (sla w3y 5 KU 4y
5ol 0 G il slaai s sSI © O1s5 e (S3as gloaie] (T slaais, oS
sLaais, s SI 5 suliiwl b (S3us gloatul oS s,lal s Sa se Jas
23 T 8 ke [9] a8 sailis 5 Sl Lo 55 5L Gl sl wlads0n Gus ile
colasly poane (g0l (Sl ol dhas 51 okl S5 14 dlzs oyl
Jeass a0 S Hore gandiib Hslie 4 1) o5uk g e Slay se § gens < SSan
4 5 st gn 9oLl (sT5Tal yasliad o (Shus gloaiul shiie 4 €iunS Sa g

. Intensity Normalization

. Intensity Scaling

. Contrast Stretch Normalization

. Histogram Normalization

. Histogram Stretching

. Gaussian Kernel Normalization

. Traditional algorithm

. Deep learning algorithm

. Gray-Level Co-Occurrence Matrix
0. Discreet Wavelet Transform
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. Pearson's Correlation Coefficients

. Principal Component Analysis

. Independent Component Analysis

. Support Vector Machine

. K-Nearest Neighbor

. Linear Discriminant Analysis

. Naive Bayes

. Decision Tree

. SVM with radial basis function based kernel
0. Logistic Regression
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1. Convolution layer
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3. Fully-connected layer
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